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Design and Development of Online Recommendation Learning

System Based on Deep Learning
ZHANG Yu, CHENG Yu, CHEN Jianxia, ZHOU Shixing, GAO Yi
(School of Com puter Science » Hubei Univ. of Tech., Wuhan 430068, China)

Abstract: With the development of online learning systems, users require resource retrieval abilities to be
improved greatly. This paper proposes a novel online recommendation system based on deep learning,
which can implement the main functions of online learning, online programming and online communica-
tion. In particular, this paper develops a rating prediction model based on neural network, which integrates
deep learning model on the basis of word embedding and text convolution network, and it can mine the
hidden interest features of users. The experimental results fully show that the proposed platform can not
only effectively satisfy the various personalized learning requirements of college students, but also improve
the learning efficiency of teachers and students.

Keywords: deep learning; recommendation system; scoring prediction; online learning
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