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Interest expenst in the 1988 third quarter was 75.3 million
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Image Caption Based on Text Hierarchical Structure
WU Yu,JIN Huazhong
(School of Com puter Science s Hubei Univ. of Tech., Wuhan 430068 ,China)

Abstract: Aiming at the existing image description generation algorithm, in the decoding stage, the lan-
guage model is simple in structure and weak in decoding expression ability, which can easily cause the
problem of lack of semantics. The ordered neurons Long Short-Term Memory network (ON-LSTM) is in-
troduced to construct a two-layer LSTM architecture to improve the decoder of the existing model, so that
it can explicitly extract the text hierarchical structure of the description to decode richer semantic features.
Training and testing on the MSCOCO data set, the experimental results show that the improved algorithm
can generate description sentences that are more in line with natural language habits. ordered neurons LLong
Short-Term Memory network

Keywords: image caption; language model; ON-LSTM; text hierarchical structure
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