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A Pedestrian Motion Prediction Method Based on

Improved Two-step Framework
WANG Shuqing,LIU Yifan
(School of Electrical and Electronic Engin., Hubei Univ. of Tech., Wuhan 430068 ,China)

Abstract: Aiming at the problem that traditional two-step framework algorithm of multi-person posture
detection in complex environment relies on human frame detection, this paper proposes an improved two-
step framework algorithm of multi-person posture detection method and applies it to pedestrian motion
prediction. The algorithm extracts human bones and postures from images processed by spatial transforma-
tion network, single-person posture detection and anti-spatial transformation network, and predicts pedes-
trian’ s next actions through optical flow processing and training of long short-term memory network.
Compared with six classical multi-person posture detection algorithms, the experimental results show that
the multi-person posture detection image obtained by this method is accurate, without redundant human
frame, no redundant bone points, no skeleton crossover, and the pedestrian motion prediction effect be-
haves well.

Keywords: two-step framework; Spatial transformation network; single person posture detection; optical

flow

[FREHK: KEF]



