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Path Planning of Mobile Robot Based on Neural

Process-particle Swarm Optimization

MA Ye', WANG Shuging', MAO Yuexiang®
(1 School of Electrical and Electronic Engineering s Hubei Univ. of Tech., Wuhan 430068
2 State Grid Hubei Electric Power co L'TD ;Wuhan 430068)
Abstract; Aiming at the local optimal problem caused by precocious particles in the path planning process
of mobile robot by traditional Particle Swarm Optimization (PSO) algorithm, a hybrid neural process-PSO
algorithm was constructed by integrating the idea of motion process prediction into PSO. The main idea is
that in the next iteration of particle swarm individuals, the neural process is used to predict the individual
location, increase the diversity of particle swarm at the later stage of the iteration, and avoid falling into
local optimization too early, so as to improve the optimization ability of the algorithm. The improved algo-
rithm is used to solve the robot path planning problem. The experimental results show that the proposed
neural process-particle swarm optimization (PSQO) has better path planning ability and better comprehen-
sive performance than the traditional PSO.
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