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Research and Application of Telecom Portrait Based on Spark
HUA Man, SHAO Xiongkai, GAO Rong
(School of Com puter Science, Hubei Univ. of Tech., Wuhan 430068, China)

Abstract; Traditional telecom operators are faced up with the situation of failing to accurately understand
users under the Internet environment, which leads to a decrease in the number of its users and is thus
gradually being marginalized. Meanwhile, the TB-level log files generated by the stock users are stored for
a period of time and then cleaned up as useless junk content. A user portrait method for Telecom operators
is proposed in this paper. Through Spark-based big data technology., the data of telecom operators are
mined, analyzed, dimension-reduced and optimized. Clustering is carried out to discover the personalized
needs of different users, so as to achieve the purpose of providing precise recommendation and personalized
services for users. The experimental results show that this method can better portray the behavior of dif-
ferent users. At the same time, the accuracy of the optimized PK-means clustering method is significantly
improved. Compared with the traditional data processing mode, the computing speed has been greatly im-
proved.

Keywords: user portrait; spark; precise recommendation; K-means; data dimensionality reduction
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