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Algorithm 1 Hierarchical optimization for DLR learning
1: Initialize h using (19)

2: repeat > outer loop: optimize h
3: Assemble the feature matrix ® under h

4 repeat > inner loop: fix h and optimize w
5 W W — ng > on the training set
6: until w converges
e
8

for d =1to D do > fix w and update hy
3 if x4 is a numerical attribute then

9: ha < ha — 73% > on the validation set

10: end if

11: end for

12: until h converges
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